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The Copula approach can be used to describe the dependence structure between 
variables. In this paper, by using a Bivariate Clayton copula, we discuss the sta-
tistical analysis of a simple step-stress accelerated dependent competing failure 
model under progressively Type-II censoring sample. With the assumption of cu-
mulative exposure, the Bayesian estimations of the model parameters are de-
rived. Based on Monte-Carlo simulation, the precision of the estimates is as-
sessed. Finally, the statistical analysis of an actual data set of a solar lighting in-
sulation system has been presented for illustrative purposes. 
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Introduction 

High reliability products are often expected to survive for a long time, and it is diffi-

cult to assess reliability during the normal working condition. One effective solution to this 

problem is the accelerated life testing (ALT). Stress can be applied in many ways such as con-

stant-stress, step-stress and progressive-stress [1]. The step-stress accelerated life testing  

(S-SALT) is a special type of ALT which has advantage in yielding more failure data in a lim-

ited testing time and changing the stress level at a prefixed time or a prefixed number of fail-

ures during the testing. To analyze the modeling data from S-SALT, one requires a model re-

lating the failure lifetimes under different stress levels, such as the cumulative exposure mod-

el (CEM). The CEM is the most studied one in the literature, which was first introduced by 

Sedyakin [2]. The S-SALT under the assumption of CEM has attracted great attention, see for 

examples, Balakrishnan and Han [3], Sun and Shi [4], Kohl and Kateri [5], Ramzan et al. [6], 

Zheng [7], and Liu et al. [8]. For the complexity of the internal structure and the external 

working environment, the products failure may be caused by one of failure modes, so the 

competing failure model is a common model in reliability research, such as Balakrishnan and 

Han [9], Liu and Shi [10], Zhang et al. [11], and Varhgese and Vaidyanathan [12]. In most of 

the studies of S-SALT with competing failures are mainly based on the assumption that the 

competing failure modes are independent. However, the failure models are usually dependent 

in practice. Therefore, the dependent competing failures model in S-SALT has become in-

creasingly popular. Copula [13] is one of the popular models to release the restriction that the 

joint distribution is constructed from the same family of marginal distribution. However, only 
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few literature has applied copula functions to S-SALT, for examples, Bai et al. [14], Cai et al. 

[15], and Ghaly et al. [16]. Therefore, we focus on the Clayton copula  [13] in our model as it 

is more appropriate to describe the strong dependence in the tail of the lifetime distribution 

and is simpler than other copulas. 

In this paper, we discuss the Bayesian inference for a simple step-stress accelerated 

dependent competing failure model based on the Copula theory under the progressively  

Type-II censoring.  

Model description and basic assumption 

Model description  

Under the progressively Type-Ⅱ censored (PT-IIC) scheme, the simple S-SALT is 

described. The n test units are placed on the test under the initial stress level S1. At the first 

failure t1:n, R1 units are progressively removed from the remaining n – 1 units and recording 

data (t1:n, δ1, R1). Similarly, the test continues until time tN1:n, RN1 units are progressively re-

moved. Then we increase the stress level to S2, and the remaining (n – N1 – R1 – … – RN1) 

units continue to be tested. At the time of (N1 + 1)th failure, RN1+1 units are progressively re-

moved and we get the sample (tN1+1:n, δN1+1, RN1+1), the test continues until the (N1 + N2)
th fail-

ure is observed, RN1+N2 units are removed and the test terminates. Here, N1, N2, R1, … , RN1+N2, 

(N1 + N2 + R1 + … + RN1+N2 = n) are prefixed constants, where t1:n, …, tN1+ N2:n  are order sta-

tistics, 1 2{1,2}, 1,2, , .i i N N  = +   

Basic assumption  

To describe the simple S-SALT clearly, some assumptions are made in this paper. 

– Just one of the two competing failures leads to the unit failure. The dependence structure 

among failure modes is described by Bivariate Clayton Copula (BCC): 

 

1

( , ) ( 1)C u v u v  


−
− −= + −   (1) 

and the conditional dependence measure, Kendall's tau [13] of BCC is ( 2)  = + . The 

failure time is  1 2
min ,T T T= . 

– The lifetime follows an exponential distribution with scale parameter
ij

 . The cumulative 

distribution function (CDF) is: 

 Fij(t; λij) = 1 – exp(–λijt) (2) 

where 0t  , 0
ij
   and , 1, 2i j = , the probability density function (PDF) );(

ij ijf t  is easy 

to get. 

– The scale parameter
ij

  agrees with a log-linear function of stress: 

 )n (l ij j j ia b S = +  (3) 

where 
j

a  and 
j

b are unknown parameters, and ( ) 1/
i iS S =  that is the Arrhenius model [1].  

– Lifetime distribution at different stress levels is related by assuming CEM: 

 F1(t1) = F2(t2) (4) 
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Under this assumption, the CDF and the corresponding PDF of the lifetime of the 

test unit failed due to cause j(j = 1, 2) are given by: 
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where 
1 1: 1:( , ).N n N nt t +  

Based on the first failure mode, the CDF and the corresponding PDF of the lifetime 

of the product under stress level Si can be obtained: 
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By substituting eqs. (1), (5), and (6) into eq. (8), the equations can be obtained: 
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111
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Based on the second failure mode, the CDF and the corresponding PDF of the life-

time of the product under stress level Si can be obtained: 
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Substituting eqs. (1), (5), and (6) into eq. (12) results in: 

 
( )  

1
112

: 12 12 : 11 : 12 :( )= exp( ) exp( ) exp( ) 1i n i n i n i nf t t t t    
− −

+ −  (13) 
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be the indicator function. According to assumptions (1) and (2), we can obtain the survival 

function of the lifetime under stress Si: 
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Then, the likelihood function of the failure sample is: 
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Let ( )12 211 21 2,, ,, ,    =Θ  by substituting eqs. (9)-(16) into eq. (17), the likelihood 

function can be written: 
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According to basic assumption (3), we put 
1

ˆ
i

 and 
2
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into eq. (3) and obtain the 

least squares estimators of 
j

a  and 
j

b from the Gauss-Markov theorem are:  
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So  

0 j 0
ˆ exp{ }ˆˆ ( )j ja b S = +  

Then, we get the CDF of unit with competing failures under S0: 
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Bayesian analysis 

In this section, we will consider the Bayesian estimate of model parameters 
ij

  

based on the SELF. As the conjugate prior, an independent gamma is chosen as prior distribu-

tion 
ij ij

G  （ , ） for
ij

 , and the prior distribution of   is no informative prior 
1/ , 0( )     , so:  
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The joint posterior density function of Θ  is: 
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The marginal posterior distribution of Θ  is: 
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Simulation study and data analysis 

In this section, we use Monte-Carlo simulations to compare different methods for 

different sample size and progressive censoring schemes which are shown in tab. 1. Suppose 

the normal stress level and the accelerated stress levels are S0 = 293 K, S1 = 323 K, and  

S2 = 353 K. The initial values of the scale parameters are λ11 = 1.0, λ12 = 0.5, λ21 = 2.0, and  

λ22 = 1.0. Let the parameter of BCC θ = 1, θ = 2, and θ = 3, and equivalently τ = 1/3, τ = 1/2, 

and τ = 3/5. Base on the experimental schemes in tab. 1 and 1000 simulation, we obtain the 

average estimates (AE) and the mean square errors (MSE) of the BE. Furthermore, the simu-



Wang, Y., et al.: Bayesian Inference for a Simple Step-Stress Accelerated … 
2096 THERMAL SCIENCE: Year 2023, Vol. 27, No. 3A, pp. 2091-2098 

lation results are shown in tab. 2. Based on the 

eq. (19), the estimates of the parameters at the 

normal stress level are shown in tab. 3. Figure 1 

show the CDF of the BE result under different θ 

and true value.  

From the results of the simulations, we 

can obtain the conclusions. 

– Form tab. 2, we observe that the estimation 

of ˆ
ijB  are closed to the true values and the 

MSE of parameters are smaller as N increasing 

under θ = 1, θ = 2, and θ = 3, respectively. 

– Form tab. 2, we observe that the estimation 

of ˆ
ijB  are closed to the true values and the 

MSE of parameters are smaller as θ increasing, 

which indicates that the correlation coefficient between failure mechanisms will affect the 

estimation accuracy of parameters. 

– From fig. 1, the CDF of the BE are closed to the true CDF as θ increasing. 

Real data analysis 

In this section, we will apply the previous method to the data set of solar lighting 

devices from Han and Kundu [17]. There are two failure modes: Capacitor failure and Con-

troller failure, and denote as Model 1 and Model 2, respectively. There are 35 solar lighting 

devices are put into S-SALT, S1 = 293 K and S2 = 353 K, the stress changed time point τ = 5 

(in hundred hours). The normal temperature is S0 = 273 K and the original data set list in 

tab. 4. Using the mentioned approach, the BE of unknown parameters is obtained, and the re-

sults are shown in tab. 5. 

Table 1. The prefixed sample sizes 

Discussion and conclusion 

The present method is applied to the solar lighting device with great success, and it 

can be extended to other devices, e.g. gas turbines [18], and to fuzzy environment [19]. 

Under progressively Type-II censoring scheme, the statistical analysis and reliability 

estimation of simple step-stress accelerated dependent competitive failure model are studied, 

and the dependence of failure mechanism is described by Clayton Copula function. In this pa-

per, the Bayesian method is used to estimate the model parameters. It calculates the model pa-

rameters under the normal stress and predicts the remaining life of products. The simulation 

results show that: first, Copula theory plays an important role in studying the correlation of 

 

Figure 1. The cumulative distribution functions 
under different Kendall's Tau coefficients and 
the true cumulative distribution function 

Scheme N N1 N2 1

1

N

i iR=  2

1 1

N

i N iR= +  (R1, …, RN1)(RN1+1, …, RN1+N2) 

1 40 20 10 5 5 (0,…,0,1,2,2) (0,…,0,1,2,2) 

2 40 10 20 5 5 (0,…,0,1,2,2) (0,…,0,1,2,2) 

3 60 30 16 8 6 (0,…,0,2,2,2,2) (0,…,0,2,2,2,2) 

4 60 16 30 6 8 (0,…,0,2,2,2) (0,…,0,2,2,2,2) 
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Table 2. The AE and MSE (in parentheses) of the λij 

Table 3. The estimates of the scales parameters at the normal stress level under Bayes 

Table 4. The data of solar lighting devices on a step-stress life test 

Table 5. The Bayes estimation of parameter  

competitive failure mechanism, second, Bayesian method improves the estimation accuracy 

of model parameters due to combine the prior information, and finally, the data of solar light-

ing equipment is given as an example. For future research, we will discuss the optimal design 

of the simple S-SALT under different censoring schemes. 

Parameter of BBC Scheme 
11
ˆ

B  12
ˆ

B  21
ˆ

B  22
ˆ

B  

AE(MSE) AE(MSE) AE(MSE) AE(MSE) 

θ = 1 

1 1.092(0.116) 0.518(0.099) 2.106(0.221) 0.940(0.239) 

2 1.087(0.118) 0.512(0.100) 2.101(0.197) 0.939(0.229) 

3 1.089(0.120) 0.516(0.089) 2.103(0.204) 0.941(0.237) 

4 1.091(0.124) 0.483(0.090) 2.109(0.207) 0.950(0.180) 

θ = 2 

1 1.082(0.117) 0.516(0.090) 2.088(0.209) 0.941(0.232) 

2 1.078(0.124) 0.470(0.091) 2.070(0.212) 0.940(0.224) 

3 1.078(0.110) 0.511(0.083) 2.082(0.200) 0.943(0.219) 

4 1.075(0.119) 0.487(0.089) 2.107(0.203) 0.952(0.198) 

θ = 3 

1 1.063(0.115) 0.490(0.089) 2.069(0.197) 0.948(0.219) 

2 1.087(0.119) 0.482(0.093) 2.077(0.204) 0.940(0.214) 

3 1.051(0.109) 0.495(0.081) 2.063(0.189) 0.951(0.209) 

4 1.065(0.117) 0.496(0.088) 2.097(0.199) 0.960(0.187) 

Scheme 
 01
̂   02

̂  

θ = 1 θ = 2 θ = 3  θ = 1 θ = 2 θ = 3 

1 0.4949 0.4900 0.4765  0.2526 0.2501 0.2213 

2 0.4913 0.4911 0.4982  0.2465 0.2039 0.2155 

3 0.4928 0.4878 0.4663  0.2502 0.2443 0.2254 

4 0.4931 0.4778 0.4708  0.2138 0.2171 0.2238 

Temperature Failure times and failure causes (1 = capacitor; 2 = controller) 

293 K 
0.140(1), 0.738(2), 1.324(2), 1.582(1), 1.716(2), 1.794(2), 1.883(2), 2.293(2) 
2.660(2), 2.674(2), 2.725(2), 3.085(2), 3.924(2), 4.396(2), 4.612(1),4.892(2) 

353 K 
5.002(1), 5.022(2), 5.082(2), 5.112(1), 5.147(1), 5.238(1), 5.244(1), 5.247(1) 

5.305(1), 5.337(2), 5.407(1), 5.408(2), 5.445(1), 5.483(1), 5.717(2) 

Parameter λ11 λ12 λ21 λ22 a1 b1 a2 b2 

BE 0.025 0.082 1.846 0.732 21.6 –7415 10.3 –3773 



Wang, Y., et al.: Bayesian Inference for a Simple Step-Stress Accelerated … 
2098 THERMAL SCIENCE: Year 2023, Vol. 27, No. 3A, pp. 2091-2098 

Acknowledgement 

This work was supported by National Natural Science Foundation of China (Grant 

No. 11861049), Natural Science Foundation of Inner Mongolia (Grant No. 2020MS01001). 

Reference 

[1] Nelson, W., Accelerated Testing: Statistical models, Test Plans and Data analysis, Willy, New York, 
USA, 1990 

[2] Sedyakin, N. M., On One Physical Principle in Reliability Theory, Tech. Cybern, 3 (1996), pp. 80-87 
[3] Balakrishnan, N., Han, D., Optimal Step-Stress Testing for Progressively Type-Ⅰ Censored Data from the 

Exponential Distribution, Journal of Statistical Planning and Inference, 139 (2008), 5, pp. 1782-1798 
[4] Sun, T. Y., Shi, Y. M., Estimation for Birnbaum-Saunders Distribution in simple Step Stress accelerated 

Life Test with Type-Ⅱ Censoring, Comm. in Statistics – Simul. and Com., 45 (2016), 3, pp. 880-901 
[5] Kohl, C., Kateri, M., Bayesian Analysis for Step-Stress Accelerated Life Testing Under Progressive Inter-

val Censoring, Applied Stochastic Models in Business and Industry, 35 (2019), 2, pp. 234-246 
[6] Ramzan, Q., et al., Bayesian Inference for Modified Weibull Distribution Under Simple Step-Stress Model 

Based on Type-Ⅰ Censoring, Quality and Reliability Engineering International, 2 (2021),38, pp. 757-779 
[7] Zheng, M. L., Optimal Robust Design of Step Stress Accelerated Life Test Scheme under Weibull Distri-

bution, Chinese Journal of Applied Probability and Statistics, 26 (2020), 6, pp. 619-626 
[8] Lin, C. T., et al., Planning Step-Stress Test Plans Under Type-Ⅰ Hybrid Censoring for the Log-Location-

Scale Distribution, Statistical methods and applications, 29 (2020), 2, pp. 265- 288 
[9] Balakrishnan, N., Han, D., Exact Inference for a Simple Step-Stress Model with Competing Risks for a 

Failure from Exponential Distribution Under Type-Ⅱ Censoring, Joural of Statistical Planning and Infer-
ence, 138 (2008),12, pp. 4172-4186 

[10] Liu, F., Shi, Y. M., Inference for a Simple Step-Stress Model with Progressively Censored Competing 
Risks Data from Weibull Distribution, Communications in Statistics- Theory and Methods, 46 (2017), 14, 
pp. 7238-7255 

[11] Zhang, C. F., et al., Statistical Inference for Competing Risks Model in Step- Stress Partially Accelerated 
Life Test with Progressively Type-Ⅰ Hybrid Censored Weibull Life Data, Journal of Computational and 
Applied Mathematics, 297 (2016), 1, pp. 65-74 

[12] Varhgese, S., Vaidyanathan, V. S., Parameter Estimation of Lindley Step Stress Model with Independent 
Competing Risk Under Type-Ⅰ Censoring, Communication in Statistics-Theory and Methods, 49 (2019), 
12, pp. 3026-3043 

[13] Nelsen, R. B., An Introduction to Copulas (Springer Series in Statistics), Springer Science+Business Me-
dia, Inc., New York, USA, 2006 

[14] Bai, X. C., et al., Statistical Inference of Type-Ⅰ Progressively Censored Step-Stress Accelerated Life Test 
with Dependent Competing Risks, Comm. in Statistics-Theory Methods, 10 (2020), 51, pp. 3077-3103 

[15] Cai, J., et al., Bayesian Analysis for Dependent Competing Risks Model with Masked Causes of Failure in 
Step-Stress Accelerated Life Test Under Progressive Hybrid Censoring, Communication in Statistics-
simulation and computation, 49 (2019), 9, pp. 2302-2320 

[16] Ghaly, A. A. A., et al., Applying the Copula Approach on Step Stress Accelerated Life Test Under Type-Ⅱ 
Censoring, Communications in statistics- simulation and computation, 49 (2020), 1, pp. 159-177 

[17] Han, D., Kundu, D., Inference for a Step-Stress Model with Competing Risks for faIlure from the General-
ized Exponential Distribution Under Type-Ⅰ Censoring, IEEE Trans. on Reliability, 64 (2015), 1, pp. 31-43 

[18] Sadykova, S. B., et al., Influence of Turbulence on the Efficiency and Reliability of Combustion Chamber 
of the Gas Turbine, Thermal Science, 25 (2021), 6B, pp. 4321-4332 

[19] Gopal, N., Panchal, D., A Structured Framework for Reliability and Risk Evaluation in the Milk Process 
Industry Under Fuzzy Environment, Facta Universitatis-Series Mech. Eng., 19 (2021), 2, pp. 307-333 

 

Paper submitted: August 15, 2021 © 2023 Society of Thermal Engineers of Serbia.  
Paper revised: July 1, 2022 Published by the Vinča Institute of Nuclear Sciences, Belgrade, Serbia. 
Paper accepted: July 1, 2022 This is an open access article distributed under the CC BY-NC-ND 4.0 terms and conditions.  

http://www.vin.bg.ac.rs/index.php/en/

